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Project Overview
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study areas and completions.

« Support strategic planning, reporting and engagement
decisions.

 |dentify data quality and enrichment opportunities.

* EXxplore predictive insights and forecasting features.

Summary

Explore headline alumni metrics and filter by study area, date period and key record attributes.
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Technologies Used

Technology Description : S S _ o
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Limitations & FUtu re WO rk Summary * Prediction scores estimate the likelihood that alumni records contain selected contact or professional information. Forecasts are indicative and

based on available snapshot history. Results should support data quality review and prioritisation, not be treated as definitive classifications.

* Manual mapping tables require ongoing maintenance to
ensure accurate categories, slicers, KPls and security.

* Predictive insights are indicative only, with outputs

Project alumni trends forward to support planning, monitoring and future engagement decisions

affected by missing data, class imbalance and manual Key Outcomes
CSV refresh steps. » Built an interactive Power Bl platform for complex alumni data.

* Future work could automate mapping governance, » Enabled analysis of demographics, locations, study areas, completions, events and trends.
predictive model refreshes, security auditing and data .

Improved governance through mapping tables, admin review tools and row-level security.

* Added machine learning predictive outputs for contact readiness and data quality
prioritisation.

* Designed a maintainable solution for future graduation-cycle refreshes and expansion.

pipelines.
* Further enhancements could include donor analytics,

engagement scoring, event attendance prediction and
improved longitudinal forecasting.
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